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Abstract

The telecommunications industry is particularly competitive and characterized by
very high churn rates. The literature on the topic is vast, but studies on the deter-
minants of churn behavior are dispersed, failing to provide a comprehensive view
of the state of the art. Based on this research gap, this article aims to contribute to
developing the literature on customer churn in the telecommunications sector by
summarizing the current state of research, and identifying the main determinants of
churn and switching intentions. It provides a systematic literature review (SLR) of
37 articles on the topic published between 1999 and 2022. The results reveal the ex-
istence of two research streams. The first, in which the studies are based on surveys
examining the alleged intentions of subscribers to change operators, with criteria
such as satisfaction and attitudes as predictors, and the second, dealing with sub-
scribers’ actual switching behavior and relating this to behaviors and characteristics
extracted from internal customer management systems. All independent variables
used to explain switching intention or real churn were mapped. It was found that
age, gender, satisfaction, switching costs and barriers, and service quality are the
most important determinants highlighted by the literature. Our study also outlines
some insightful practical implications, which could be extended to other service
sectors. The paper ends with a research agenda for future studies according to the
gaps detected by the study’s results. Among its limitations, this research excludes
papers related to predictive models and studies not in English.
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1 Introduction

The telecommunications service industry has long been known for the intensity of
competition and rivalry. While companies fiercely compete for customers, market
share, and long-term survival (Kyei and Bayoh 2017), customers tend to switch oper-
ators repeatedly (Kumar et al. 2018) due to the lower financial costs associated with
switching service providers. Considering that attracting new customers is both dif-
ficult and expensive, it is suggested that retaining the most valuable existing custom-
ers, and hence avoiding churn, should be given a higher priority than trying to attract
new customers (Ahn et al. 2006; Hadden, Tiwari, Roy and Ruta 2007).

Considering the relevance of the topic, extant literature has explored the reasons
behind customer churn in the telecom industry. Still, and as demonstrated in this
article, the topic needs further study. Stressing some of the gaps in the literature,
Ribeiro et al. (2022) explained recently that, although there are numerous studies
on customer churn in the telecom market, the vast majority use predictive models
with algorithmic means to identify customers who are most likely to switch opera-
tors. Indeed, much recent research (e.g. Amin, Al-Obeidat et al. 2019; Amin, Shah
et al. 2019; Lu, Lin, Lu and Zhang 2014; Makhtar et al. 2017; Mozer, Wolniewicz,
Grimes, Johnson, and Kaushansky 2000; Ullah et al. 2019) does not aim to identify
the causes of churn, but rather to calculate the probability of operator switching for
each customer. In addition, the literature on the determinants of churn behavior is
particularly fragmented, with a need to map the state of the art and the research gaps
in this topic clearly, to effectively define the most urgent avenues for future research.
In order to fill this research gap, this article provides a comprehensive overview of
customer churn in the telecommunications service industry, by conducting a system-
atic literature review (SLR). The main aim is to contribute to developing the literature
on customer churn in the telecommunications sector by summarizing the current state
of research, identifying the main determinants of churn and switching intentions, and
pointing out strategies to reduce churn. In addition, as the telecommunications sector
is one of the largest sectors worldwide, with extreme rivalry, we believe that the find-
ings of this study can be applied to similar sectors with high customer churn rates.
The method adopted is explained in detail in the next section.

2 Method

This article adopted the basic guidelines for SLRs established by Tranfield, Denyer
and Smart (2003) in three steps: (1) planning the review, with particular emphasis on
narrowing the scope of the study; (2) conducting the review, specifically establish-
ing the review protocol and identifying key search terms and data analysis; and (3)
reporting and disseminating the results using a cross-sectional approach.

The main theme of this SLR is customer churn, so the following main research
question was defined:

o What are the determinants of churn in bundled telecommunications services?
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Table 1 Search Strategy Search Strategy:

(“customer* churn*”) OR (“consumer* churn*”) OR (“bun-
dling” * “churn”) OR (“customer* turnover*”) OR (“consumer*
turnover*”) OR (“customer* attrition*”) OR (“consumer* attri-
tion*””) OR (“customer* rotation*””) OR (“consumer* rotation*”")
OR (“customer* defection*”) OR (“consumer* defection*””) OR
(“customer* switching*”) OR (“consumer* switching*”’) OR
(“switching tel*””) OR (“customer* turnover*”) OR (“consumer*
turnover*”) OR (“stayers * switchers”) OR (“churn* manage-
ment”) OR (“churn* determinants”) OR (“churn* factors””) OR
(“churn* analysis”) OR (“defection* management”)

AND

(“tele*””) OR (“telecom™”’)

NOT

(“pred*”) AND (“data mining*”)

2.1 Article collection and selection

The relevant studies on customer churn in the telecommunications industry were
identified in two steps. An initial search for articles was conducted on Web of Sci-
ence (WoS) and Scopus databases using “customer churn” as the main keyword.
The resulting articles were analyzed with NVIVO qualitative analysis software (QSR
2018), to identify other keywords used in the literature as synonyms of customer
churn. This strategy identified other phrases (e.g., customer switching, customer turn-
over), which were combined in the final search query to ensure that various aspects
and terminologies were fully covered. Table 1 shows the defined search strategy. The
search was based on the articles’ title, abstract and keywords, and covered all articles
published by the end of 2022.

The Boolean operators “OR” and “AND” were used in conjunction with the vari-
ous keywords to narrow the search to “customer churn” and equivalent terminology
in the telecommunications industry and also to exclude predictive studies or “data
mining” techniques which were beyond the scope of this study. In order to focus on
the most relevant contributions in the literature, the results comprised journal articles
and reviews, regardless of the year of publication. Besides being written in English,
the requirements for inclusion in this review were:

e The subject of the study was customer churn;

e The industry under study was telecommunications;

e The dependent variable of empirical studies should be churn or other variables
representing churn behavior (e.g., switching intentions).

As articles were searched on two platforms (WoS and Scopus), The Bibliometrix
software package from R Core Team (Team 2021) was used to merge findings and
exclude duplicates, resulting in 180 articles that were considered for the screening
stage (Fig. 1).

Of these, all abstracts and keywords were read and analyzed in detail, excluding
124 articles that did not meet all the inclusion criteria. The remaining 56 articles were
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Fig. 1 Research flowchart.
Adapted from Haddaway and
McGuinness (2021)

Table 2 Inclusion/exclusion
criteria

Identification of new studies via databases and registers

5 Records removed before screening:
= Records identified from Duplicate records (n = 66)
g Databases (n = 246) — Records marked as ineligible by automation
€ Registers (n = 0) tools (n =0)
§ Records removed for other reasons (n = 0)
Records screened Records excluded
(n=180) (n=124)
2 Reports sought for retrieval Reports not retrieved
3 (n=56) (n=0)
e
3
Reports excluded:
—— Dependent variable is notchurn or
| Reports asse:ieg for eligibility }—b switching intention (n = 15)
_ Predictive Models (n = 3)
Conceptual Paper (n = 1)
o New studies included in review
2 (n=37)
2 Reports of new included studies
£ (n=0)
Inclusion Exclusion

-Articles in which the focus of
study is customer churn

-The industry under study is
telecommunications

-The dependent variable is the
churn or the switching intention

-Articles in which the focus
of study is not customer churn
-The industry under study is
not telecommunications

-The dependent variable is not
customer churn or switching
ntention

-Articles based on predictive
models

-No access to the article

-Not in English

read in full, and the database was further narrowed down using the exclusion criteria
presented in Table 2 to select only articles relevant to the research questions.

2.2 Data analysis procedures

After selecting the final articles, a database was created with NVIVO software (QSR
2018), where each article was coded into several categories/subcategories (e.g., year,
publication source, country of origin, research methods). In addition, the articles
were subjected to thematic content analysis to identify the independent explanatory
variables for churn or switching intention and to summarize and clarify the relation-
ships between the different factors in the literature.
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Table 3 Main information about  Description

data Articles 36
Review 1
Period 1999:2022
Annual Growth Rate 4.73%
Average citations per article 25.68
Total number of Authors 99
Authors of single authored articles 4
Authors of multi authored articles 95
Average number of authors per article 2.68
Collaboration Index 2.88
40
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Fig. 2 Publishing trend of articles in database under study

2.3 Data characteristics

Descriptive analysis was performed to summarize and explore the data. Table 3
shows the main statistics for the database under study. Articles analyzed in this study
were published between 1999 and 2022, with an annual growth rate of 4.73%. The
37 articles in the database have an average of 25.68 citations. It is also observed that
the articles were written by 99 authors, with an average of 2.68 authors per article.

As shown in Fig. 2, the number of articles has grown steadily since 2006, particu-
larly in recent years, with more than 49% of publications published after 2016.

The 37 articles considered in this study have been published in 29 different jour-
nals. Still, Telecommunications Policy published seven articles, representing about
19% of all articles on the topic. The Journal of Business Research and the Journal of
Retailing and Consumer Services are the second most important outlets used, with
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Table 4 Articles Categgry/ Category Methodology Frequency %
Methodology aggregation Empirical/ Structured questionnaire, 32 84%
Quantita- interviews, factor analysis,
tive research  SEM, Regression analysis,
studies factor analysis, mediation and

moderation analysis, others
Empirical/ Multi-Dimensional Scaling & 1 3%
Quantitative  Cluster Analysis
case studies

Qualitative Focus Group / Structured and 4 11%
semi-structured interviews

Reviews Literature Reviews 1 3%

Total 38 100%
Table 5 Articles by telecommu-  geryice Category Frequency %
nication services Mobile 57 73%

Bundle services (also had single services) 3 8%

Internet fixed line broadband 2 5%

Internet fixed line broadband, Mobile, Land- 1 3%

line telephony (isolated services)

Mobile Service + Internet fixed line 1 3%

broadband

Fixed telephone 1 3%

Fixed telephone+Mobile service 1 3%

General telecommunications (does not 1 3%

specify the service)

Total 37 100%

two articles published each one. The other journals published one article each. The
other journals published one article each.

Regarding authors’ affiliation, the University of Zaragoza, in Spain, with six arti-
cles published, stands out as the organization with the greatest number of published
articles, and 21 institutions have more than one article on the topic.

Overall, the geographical dispersion shows that research and practice related to
telecommunication churn have attracted attention around the world, but three coun-
tries — Spain (n=13), USA (n=12), and Germany (n=_8) — originate 40% of the stud-
ies considered for this article.

In terms of methodology, quantitative studies dominate, accounting for 86% of the
articles considered. Surveys (41%) and secondary data (27%) are the most popular
data collection techniques. Amongst quantitative studies, logistic regression (39%)
and structural equation modeling (24%) are the most commonly used data analysis
techniques. Table 4 presents an overview of the methodology adopted.

Note: The total number is thirty-eight because one mixed-method study was
included in both quantitative studies and qualitative studies.

Finally, it is important to note that all the selected studies belong to the field of
telecommunications, in accordance with the defined research scope. However, the
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articles study different types of telecommunication services, with the vast majority
focusing on mobile telecommunication services (73%), as shown in Table 5.

2.4 Comparison of studies on churn vs. switching intentions

Through the literature review, it was possible to identify numerous constructs and
independent variables that are essential in explaining customer churn. It is important
to note, however, that several contributions adopt alternative variables and terminol-
ogy in their studies, particularly switching intentions. In fact, among the 37 articles
considered for this analysis, 15 consider churn as the dependent variable under study,
and 18 opted for switching intention. Apparently, logistic regression is more popu-
lar amongst studies on customer churn, while structural equation modeling (SEM)
stands out in studies explaining switching behavior (Table 6).

The articles were reviewed following an interpretative synthesis, as proposed by
Jones et al. (2011). Several themes emerged, which are related to the main topics
identified, churn, and switching intention. The same themes were subjected to analy-
sis and validation by a panel of six telecommunications experts. In Fig. 3, we can
observe the integrative framework with the seven themes: (1) Socio-demographics,
(2) Service quality, Satisfaction and Service value, (3) Switching costs and barriers,
(4) Tariff characteristics, (5) Customer-related variables, (6) Service usage, (7) and
Market environment.

Table 7 shows the themes and the frequency with which their determinants were
found in the literature review. The themes with the highest number of identified refer-
ences were those related to satisfaction, service quality and service value, and cus-
tomer-related variables.

Two main conclusions can be highlighted. First, the 37 articles consider a vast
number of determinants of customer churn in the telecommunications service indus-
try, providing a rich set of contributions to the field. Still, although several themes are
recurrently considered by extant research (e.g., socio-demographics, service quality,
satisfaction and value, switching costs and barriers, tariff characteristics), the articles
use diversified variables in their models, with most of them addressed in only one
article (e.g., perceived risks, transaction costs, consumer innovativeness). Conse-
quently, the literature appears to be particularly fragmented. The findings associated
with each theme are analyzed in detail in the next sections.

3 Antecedents of switching intention/churn in telcos
3.1 Socio-demographic variables

The theme labeled “Socio-Demographics” is composed of determinants with the
highest number of identified occurrences (42), considering several socio-demo-
graphic variables as influencing the intention to switch and churn behavior.

Age provided divergent results, as some studies confirmed its influence on churn
(Becker et al. 2015; Becker, Spann and Barrot 2020; Jin 2022; Garcia-Marifioso and
Suarez 2019; Gerpott and Meinert 2018; Lee 2017) while others rejected that hypoth-
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Table 6 Statistical Analysis vs. Statistical Analysis Depen- % Dependent %
Dependent variable under study  Technique dent variable
variable (Switching
(Churn) Intention)
Logistic Regression 7 47% 2 11%
SEM 0% 5 28%
PLS-SEM 0% 2 11%
Conditional Logit 0% 1 6%
Model
Logit regression 1 7% 0%
Utility-Based Model 1 7% 0%
Dynamic linear prob- 1 7% 0%
ability panel
Correlation & Regres- 0% 1 6%
sion Analysis
Multi-Dimensional 0% 1 6%
Scaling & Cluster
Analysis
Regression & Probit 0% 1 6%
Models
Chi-Square Test & 0% 1 6%
Cross Table Analysis
SEM (Multi-group) 0% 1 6%
Multinominal Logit 1 7%
Regression
Proportional Hazard 1 7%
Regression
Tetrad Methodology 0% 1 6%
& SEM
Logistic Regres- 1 7% 0%
sion & Multinomial
Regression
Binomial Probit 0% 1 6%
regression
Logistic Regression & 0% 1 6%
Ordered Logit Models
Chi-Square Test 1 7% 0%
Logistic Regression 1 7%

Model & Two-Level

Hierarchical Linear

Model (HLM)

Total 15 100% 18 100%

esis (Keramati and Ardabili 2011; Lunn and Lyons 2018; Madden et al. 1999; Seo et
al. 2008; Su et al. 2012; Svendsen and Prebensen 2013; Wong 2011).

Similar findings were identified regarding gender, as some studies found no statis-
tical differences between genders in switching intention or churn (Becker et al. 2015;
Garcia-Marifioso and Suarez 2019; Jin 2022; Lee 2017; Su et al. 2012; Svendsen
and Prebensen 2013) but other studies confirmed such differences (Ahn et al. 2006;
Becker, Spann and Barrot 2020; Gerpott and Meinert 2018; Madden et al. 1999;
Maicas et al. 2009; Seo et al. 2008).
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Service Quality, Satisfaction
and Service Value

Switching Costs and Barriers

“Tariff characteristics

Customer-related variables

Satisfaction

Service Quality

Number of Complaints
Service Value

Call Drop Rates

Call Failure Rates

Network Reliability
Customer Care

Billing issues

Affective Customer Experience
Network Quality

Customer Service Factor
Proactive post sales service

Switching cost and barriers
Mobile Number Portability

Contractual Lock-in, Minimum Contract Duration

Accumulated Loyalty Points
Complexity of Service Plans
Perceived Risk

Learning Costs

Transaction Costs

Handset Sophistication
Loyalty Program Membership
VPMN Network

Family Package

Terminal Bounded Contract

Monthly Billed Amounts

Bundle Services

Unpaid Balances

Calling plan

Plan Type (Pre-paid/Post-paid)

Payment Type (Post/Prepayment)

Tarif Plan (Pay Per Use Vs. Two Part Tariff)
Rate Plan Discounts

Rate Plan Novelty (New Vs. Old Rate Plans)
Mobile Voice Flat Rate (Unmetered)

SMS Flat Rate (Unmetered)

Mobile Internet Flat Rate (Unmetered)
Rate Plan Suitability

Tenure

Previous churner

Active / Non-Use or Suspended Status
Breadth — additional services
Consumer Inovativeness

Handset Internet Capability

Handset Manufacturer

Hardware aquisition (ie. Mobile handset)
Previous Churning Attempt

User sophistication

Wireless orientation

Word-of-Mouth

Customer Loyalty

Trustworthiness
Responsiveness
Technological capability

Loyalty Commitment
Continuance Commitment

Sector Knowledge
Expected savings

Payment method (Direct Debit / Other)
Number of unpaid monthly bills
Monthly Average Data Services Cost

Service Payout

S Y

Gender

Employment status
Service Usage

Income
Marital Status
Minutes of Monthly Use | CONSUMER BEHAVIOR | Education
Number of Calls Household members
Number of Short Messages (SMS)
Mobile Internet Monthly Use
Number of Distinct Calls
Frequency of watching videos on
smartphone
Type of Use (Email, Web Surfing,
Educational Activities, Work)
Usage Behaviour
Use habits
Consumption of Value-Added Service

‘Market Environment

. ‘ =

Children at home
Fig. 3 Integrative Framework on Switching intention and Churn determinants

Atractiveness Alternatives
Brand Image

Promotional campaings
Competitor Advertising
Acessibility

Technology

For the remaining socio-demographic variables found in the literature, the results
are also divergent. Results were observed in which subscribers with lower incomes
are more likely to switch operators (Madden et al. 1999), but results were also found
where this same variable did not have a significant effect on switching intentions
(Lunn and Lyons 2018).

Regarding employment status, the results tell us that this variable does not have a
significant effect on churn (Garcia-Marifioso and Suérez 2019), however, those who
reported being retired were less likely to change (Lunn and Lyons 2018).

Regarding marital status, the results showed that this variable does not have a
significant effect on switching intention (Lee 2017; Lunn and Lyons 2018). The same
was observed for the education variable (Garcia-Marifioso and Suarez 2019).

Regarding the number of household members, it was observed that households
with multiple members are more likely to change operators (Madden et al. 1999; Lee
2017). The existence of children in the household also showed divergent results, with
authors identifying this variable as having a significant impact on churn (Lunn and
Lyons 2018), and others not observing this significant impact (Garcia-Marifioso and
Suarez 2019). Place of residence was also identified as having a significant effect on
churn (Jin 2022; Wong 2011).

3.2 Service quality, satisfaction and service value
The theme of “Service Quality, Satisfaction and Service Value” has the second high-

est number of occurrences (33), but it is the one with the highest number of identified
independent variables.
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Table 7 Themes regarding Switching intention and Churn determinants

Socio Demographics Frequency Customer-related variables Frequency
Age 13 Tenure 7
Gender 12 Previous churner 3
Employment status 4 Active / Non-Use or Sus- 2
Income 3 pended Status
Marital Status 3 Breadth — additional services 1
Education 2 Consumer Innovativeness 1
Household members 2 Handset Internet Capability 1
Residing Location 3 Handset Manufacturer 1
Children at home 2 Hardware acquisition (i.e. 1
Mobile handset)
Total 44 Previous Churning Attempt 1
User sophistication 1
Service Quality, Satisfaction and Frequency Wireless orientation 1
Service Value
Satisfaction 10 Word-of-Mouth 1
Service Quality 4 Customer Loyalty 1
Number of Complaints 3 Loyalty Commitment 1
Service Value 3 Continuance Commitment 1
Call Drop Rates 2 Total 24
Call Failure Rates 2
Network Reliability 2 Service Usage Frequency
Customer Care 2 Minutes of Monthly Use 2
Billing issues 2 Number of Calls 2
Affective Customer Experience 1 Number of Short Messages 2
(SMS)
Network Quality 1 Mobile Internet Monthly Use 2
Customer Service Factor 1 Number of Distinct Calls 2
Proactive post sales service 1 Frequency of watching 1
videos on smartphone
Trustworthiness 1 Type of Use (Email, Web 1
Surfing, Educational Activi-
ties, Work)
Responsiveness 1 Usage Behavior 1
Technological capability 1 Use habits 1
Total 37 Consumption of Value-Add- 1
ed Service
Total 15
Switching Costs and Barriers Frequency
Switching cost and barriers 11 Market Environment Frequency
Mobile Number Portability 4 Attractiveness Alternatives 3
Contractual Lock-in, Minimum Con- 4 Brand Image 2
tract Duration
Accumulated Loyalty Points 2 Promotional campaigns 1
Complexity of Service Plans 2 Competitor Advertising 1
Perceived Risk 1 Accessibility 1
Learning Costs 1 Technology 1
Transaction Costs 1 Total 9
Handset Sophistication 1
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Table 7 (continued)

Socio Demographics Frequency Customer-related variables Frequency

Loyalty Program Membership
VPMN Network

Family Package

Terminal Bounded Contract
Sector Knowledge

—_— e = = e e

Expected savings
Total 33

Tariff characteristics Frequency
Monthly Billed Amounts

Bundle Services

Unpaid Balances

Rate Plan Suitability

Plan Type (Pre-paid/Post-paid)
Payment Type (Post/Prepayment)

Tarif Plan (Pay Per Use Vs. Two Part
Tariff)

Rate Plan Discounts 1

Rate Plan Novelty (New Vs. Old Rate 1
Plans)

Mobile Voice Flat Rate (Unmetered)
SMS Flat Rate (Unmetered)
Mobile Internet Flat Rate (Unmetered)

_ = = NN O W

1
1
1
Calling plan 1
Payment method (Direct Debit / Other) 1
Number of unpaid monthly bills 1
Monthly Average Data Services Cost 1
Service Payout 1
Total 28
TOTAL=189

Source: Own elaboration

The service quality construct is traditionally conceptualized based on the discon-
firmation paradigm. Gronroos (1984) defined the perceived quality of service as the
result of an evaluation process, where customers compare their expectations with
the service they received. Parasuraman, Zeithaml and Berry (1988) also support this
point of view, defining the concept of service quality as a form of attitude, related
but not equivalent to satisfaction, which results from a comparison of expectations
with perceptions of performance. If the perceived reality is better than the expected
service, it can be said that the service has a high quality of service. If the perceived
service is equal to the expected service, the service can be considered satisfactory.
On the contrary, if the perceived service is lower than expected, it can be said that the
service has low quality. The higher the quality of bundled services in the telecom-
munications sector, the greater the level of satisfaction with the provider, enabling the
development of trust (Carrizo-Moreira et al. 2017).

Most studies using the service quality construct observed that its effect was indi-
rect, through customer satisfaction. Only one study (Mbarek and Baeshen 2019) con-
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Table 8 Studies with service quality as an independent variable to explain switching intention or churn

Author  Dependent Telco Data Statistical ~ Sample Direct Effect Indirect
Variable Type collection analysis Effect
techniques technique
(Mbarek Switching  Mobile Survey Correla- 211 Supported
and Intention tion &
Baesh- Regression
em Analysis
2019)
(Quo- Switching ~ Mobile Survey PLS-SEM 535 Not Has an in-
quabet  Intention supported direct effect
al. through
2018) customer
satisfaction
(Kumar Switching  Mobile Survey Chi-Square 600 Not Has an in-
etal. Intention Test & supported direct effect
2018) Cross through
Table customer
Analysis satisfaction
(Calvo- Switching  Mobile Survey SEM 370 (268 Not Has an in-
Porralet Intention lock-in supported direct effect
al. contracts; through
2017) 102 free- customer
contracts) satisfaction

firms a direct effect of service quality on switching intentions. The authors concluded
that most customers are willing to switch to another operator if they are not satisfied
with the quality of service provided by their operator. Table 8 shows the results of the
different studies.

In terms of quality of service, specific variables were identified in the different
studies. Mobile network quality was identified as the most important reason for cus-
tomers to switch from one operator to another (Mbarek and Baeshen 2019; Ahn et
al. 2006) also tested the effect that the rate of dropped calls', and the rate of call
failure?, had on the probability of churn. The results showed that only the rate of
dropped calls had a significant impact on the probability of churn, whereas the rate
of failed calls did not have a significant effect on churn. Bhattacharyya et al. (2021),
studying switching intention in mobile services, found that when network data speed
improves, the customer’s likelihood to switch decreases. They also observed that
when network coverage problems decreased, the likelihood of switching decreased
as well.

Examining churn in fixed Internet services, Madden et al. (1999) found that sub-
scribers who selected their service provider based on network reliability were less
likely to churn. The most important characteristic of the Internet service provider,
besides price, is the reliability of the service. Miranda-Gumucio et al. (2013) also
identified problems related to the lack of technical capacity as one of the main rea-
sons for switching intention. Customers decide to abandon the service when they find
there are problems with reception and network quality.

! Proportion of call drops a customer experiences out of the total number of call trials.

2 Proportion of call failures a customer experiences out of the total number of call trials.
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Studying switching intentions, Patro (2020) concluded that reliability (character-
ized by better service quality from competitors, ethical problems with the current
provider, influence of family/friends, loyalty to other operators, and failure to deliver
promises on time) and responsiveness (characterized by current lack of ability to
resolve problems, provision of incomplete or inaccurate information, failure to pro-
vide information in a timely manner, unwillingness of staff to address the problem,
and lack of response to customer suggestions) have a positive impact on customers
wanting to switch mobile providers.

Regarding the number of complaints, studies show different results. Ahn et al.
(2006) concluded that the higher the number of complaints, the higher the churn
probability. Keramati and Ardabili (2011) found empirical evidence that the impact
of complaints on churn probability is mediated by the customer’s condition (non-use
of services or suspension due to non-payment). On the other hand, Su, Shao and Ye
(2012) found no empirical support for the effect of complaints on churn among VIP
customers (high-value customers).

Studying fixed-line (internet, telephone) and mobile services, Lunn and Lyons
(2018) found that shock resulting from bills that are higher than expected is strongly
associated with switching operators, especially among customers who are more
likely to switch. Similarly, Bhattacharyya et al., (2021) found that billing problems
increased the likelihood of switching mobile operators. Miranda-Gumucio et al.
(2013) found evidence that deficiencies in customer support are one of the main rea-
sons for switching. One of the main reasons for dissatisfaction is that operators do not
value their customers, which translates into poor customer service in branches and
call centers, including a lack of courtesy or friendliness of the staff. Also, Becker et
al. (2020) demonstrated that proactive post-purchase calls have a significant impact
on customer churn.

On one hand, customer satisfaction can be defined as customers’ evaluation of
how well their expectations were met and their overall evaluation of their purchase
and consumption experiences (Johnson and Fornell 1991). According to this view,
the evaluation of a product or service evolves over time; it is viewed as an overall
evaluation based on the total purchases and consumption experiences of a good or
service over time (Fornell 1992; Johnson and Fornell 1991). It is derived from the
function of several past satisfactions (Ekinci et al. 2008). On the other hand, from
a transaction-specific perspective, customer satisfaction is considered an evaluative
judgment following the choice of a particular purchase occasion (Oliver 1977, 1980,
1993).

According to the analysis of the articles in this literature review, several authors
have found empirical evidence that the higher the customer satisfaction, the less
likely the customer is to switch to a competitor (e.g. Becker, Spann, and Schulze
2015; Calvo-Porral, Faifia-Medin and Nieto-Mengotti 2017; Dey et al. 2020; Eshghi,
Haughton and Topi 2007; Garcia-Marifioso and Suarez 2019; Gerpott, Rams and
Schindler 2001; Mannan, Mohiuddin, Chowdhury and Sarker 2017; Martins, Hor-
Meyll, and Ferreira 2013; Quoquab, Mohammad, Yasin and Abdullah 2018; Svend-
sen and Prebensen 2013; Sweeney and Swait 2008). However, there is one study
in which the hypothesis that satisfaction directly impacts customers’ willingness to
switch was not confirmed (Yin et al. 2013).
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Table 9 Studies with satisfaction as an independent variable to explain switching intention or churn

Author Dependent  Telco Data Statistical analy- Sample Empiri-

Variable Type collection  sis technique cal Evi-
techniques dence

(Eshghi et al. Switching Mobile Survey Tetrad Method- 2861 OK

2007) Intention ology & SEM

(Quoquab et al. Switching Mobile Survey PLS-SEM 535 OK

2018) Intention

(Martins et al. ~ Switching Mobile Survey SEM 202 Brazil; 200  OK

2013) Intention (Multi-group) Germany

(Calvo-Porral ~ Switching Mobile Survey SEM 370 (268 OK

etal. 2017) Intention lock-in

contracts; 102
free-contracts)

(Mannan et al. ~ Switching Mobile Survey PLS-SEM 442 OK
2017) Intention
(Maicas etal.  Switching Mobile Survey And Conditional 221 OK
2009) Intention Secondary  Logit Model

Data
(Garcia- Switching Mobile Longitudi- Logistic 4110 OK
Marifioso and  Intention nal Survey Regression
Suarez 2019)
(Svendsen Churn Mobile Longitudi- Logistic 1499 (wave 1); OK
and Prebensen nal Survey Regression 976 (wave 2)
2013)
(Dey et al. Switching Mobile Survey SEM 861 OK
2020) Intention
(Yin, Li, Li, & Switching Mobile Survey SEM 228 NOT
Wu, 2013) Intention OK

Table 9 lists all the studies in which satisfaction was tested as an antecedent of
switching intentions and churn.

As described by Zeithaml et al. (2003, p. 74), “...although they share some sim-
ilarities, satisfaction is generally seen as a broader concept, while service quality
determination focuses specifically on service dimensions. Based on this perspec-
tive, perceived service quality is considered a component of customer satisfaction.”
Zeithaml and Bitner (2000) state that satisfaction is influenced by the customer’s per-
ception of quality based on the dimensions that are part of the SERVQUAL model,
namely reliability, responsiveness, safety, empathy and tangibles. As for satisfaction,
it can result from aspects other than quality, and it can also be influenced by cognitive
and affective causes. Zeithaml and Bitner (2000) also point out that customer satis-
faction is influenced by attributes specific to the product or service, such as the price,
quality and the benefits offered by the service, as well as the actual need to use the
service. Variables that indirectly affect switching intentions through satisfaction were
also identified: perceived value and service performance (Martins et al. 2013), cor-
porate image (Calvo-Porral et al. 2017), and customer service (Mannan et al. 2017).

Studying switching intentions in mobile services, Patro (2020) concluded that the
dimension of “monetary value”, characterized by competitors’ lower international
tariffs, better offers/promotions from other operators, tariffs with unlimited calls and
SMS packages from other operators, better roaming offers and high-quality internet
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services at a low cost, has a significant impact on switching intentions. The same
author also found that the service payoff dimension, characterized by expensive
value-added services, hidden charges, higher Internet rates, high rates and charges
for calls, and billing errors or deduction of additional values, had a positive impact
on switching intentions. Customers with a higher score on service pay-out had a
greater intention to switch. Martins et al. (2013) concluded that a decrease, albeit
small, in switching intentions can be expected when users perceive an improvement
in the service received relative to the amount paid or a reduction in price while the
level of service remains the same. Mbarek and Baeshen (2019) found a high correla-
tion between communication costs and switching intentions when studying switching
intentions for mobile services. 81% of respondents believe that communication cost
is very important and therefore operators should review their pricing policies to sat-
isfy as many customers as possible and beat the competition.

Gao et al. (2022) when studying mobile and fixed internet services, observed that
customer affective experience, the component of customer experience that appeals
to customers’ inner feelings (Verhoef et al. 2009) has a positive impact on customer
retention. Customer experience can be defined as the customer’s direct and indirect
experience with the brand across each stage of the customer journey (pre-purchase,
purchase and post-purchase) and for all touchpoints (Lemon and Verhoef 2016; Sun-
dbo and Darmer 2008; Verhoef et al. 2009).

3.3 Switching costs and barriers

Switching costs are important constraints that prevent customers from freely switch-
ing to other service providers (Su et al. 2012) and play an important role in switch-
ing behavior and customer loyalty (Keaveney 1995; Kim and Yoon 2004) as they
prevent customers from freely switching to other service providers (Ahn et al. 2006).
Switching costs can be classified into three main groups: Transaction costs, learn-
ing costs, and artificial or contractual switching costs (Klemperer 1987). Transaction
costs are the financial costs directly associated with switching, such as the cost of
installing/activating services with the new operator. Learning to use one brand may
not be transferable to other brands of the same product/service, even if all brands are
functionally identical. Learning costs refer to the effort that customers must make
to achieve the same level of comfort and ease with the new product or service (Seo,
Ranganathan and Babad 2008). Finally, artificial or contractual costs refer to costs
that are intentionally created by a service provider, such as the costs associated with
loyalty contracts, where if the customer breaks the contract before the specified time,
they are subject to penalties.

Mobile number portability (MNP) allows a customer to switch telecom provid-
ers without losing their mobile number, i.e., The number is transferred from the old
operator to the new operator. MNP is an important regulatory measure introduced to
reduce switching costs and is believed to play an important role in promoting com-
petition in the mobile market (Calvo-Porral et al. 2017). Becker et al. (2020), study-
ing switching intentions for mobile services, found that customers who had their
numbers ported were less likely to churn, which can be explained by high perceived
switching costs.
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Mobile number portability is associated with two important attributes for the deci-
sion process to switch to another operator (Calvo-Porral et al. 2017): the associated
costs and the time taken to port the number. The authors examined switching inten-
tions based on a sample of 442 mobile users and concluded that portability duration
and associated costs were negatively associated with mobile churn rates. Moreover,
an increase in portability duration and associated costs meant an increase in the cost
of switching operators. Ahn et al. (2006) report that the introduction of mobile num-
ber portability in South Korea in 2004 led to a 20% increase in churn rate at the end
of the year analyzed.

Seo et al. (2008), who studied churn in mobile services, concluded that mobile
tariff complexity was positively related to churn. Customers using services more fre-
quently have different usage patterns than other customers. This increases their trans-
action costs as they must spend more time and effort to find suitable tariffs adapted
to their usage patterns. Customers who choose simpler tariffs have lower switching
costs and are therefore more likely to churn. Keramati and Ardabili (2011) tested a
similar hypothesis when investigating churn in Iranian mobile services but found no
empirical evidence to support it. The authors reasoned that there were only two types
of tariffs (with and without GPRS internet), and since Iranian users were still in the
early stages of service adoption, this would not be considered a switching cost for
most of them.

Seo et al. (2008) also found empirical evidence that users with more advanced ter-
minals were less likely to switch services. More sophisticated handsets may increase
transaction costs if customers have invested heavily in a phone with their previous
provider, and they increase learning costs because more sophisticated phones tend to
have more features that need to be relearned after switching to a new device.

Ahn et al. (2006) point out that in the mobile telecommunication service industry,
membership card programs and the corresponding points are the main components
of switching costs because all the benefits and points accumulated over time are lost
when customers switch service providers. The results show that accumulated points
have a negative impact on the probability of churn. The more points customers have
accumulated, the less likely they are to switch providers. The opposite result was
obtained by Su et al. (2012), finding that accumulated points were not significantly
related to churn probability. Ahn et al. (2006) also investigated the effect of member-
ship card programs. The results showed that these programs were not effective in
reducing the churn rate. Furthermore, the authors found that customers with premium
cards were more likely to churn than customers with “regular” cards. They concluded
that customers with more benefits were more likely to churn.

Su et al. (2012) investigated the extent to which membership of a virtual network
(VPMN) and family packages where subscribers have some kind of benefit (e.g. free
communication for other virtual network users, in the case of the family only for the
other family members) influences the likelihood of churn. When users switch ser-
vice providers and leave the virtual network, they have to pay more to contact other
members, and other members have to pay more to contact them, leading to higher
switching costs. The results show that both variables are negatively related to the
churn probability. Membership of VPMN networks or the existence of family pack-
ages reduces the probability of churn.
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Martins et al. (2013) investigated the effect of the “contractual commitment” con-
struct on the barriers to switching in loyalty contracts where the subscriber is contrac-
tually bound to the operator for a minimum period. The results found no significant
relationship between the constructs. This could mean that operators in both countries
(Brazil and Germany) do not impose very high penalties for contract termination,
or more likely, consumers are not aware of such contractual locks, and therefore
do not perceive their contracts as a barrier to change. Garcia-Marifioso and Suarez
(2019) analyzed the mobile service switching intentions of customers approaching
the end of the loyalty period (i.e., when they could switch operators without any
penalty and found that customers who were unaware of the approaching end of the
loyalty contract were less likely to change than those who knew that the contract was
about to end. In other words, distracted consumers, i.e., those who are unaware of
the characteristics of their contract, are less likely to change. Gao et al. (2022) found
that administrative lock-in impacts positively customer retention. Also, Becker et al.
(2015) analyzed contract duration and found that the churn rate is much lower for
clients with minimum-duration contracts (24 months). An increase in the churn rate
at the end of the minimum contract was also observed.

Su et al. (2012) also tested the impact of mobile terminal contracts with expired
loyalty periods (contracts where there was no penalty associated with the change) on
the probability of churn among VIP customers (high-value customers). The results
showed no significant relationship between the two variables. For that, the authors
claim that VIP customers have different decision patterns, as they can easily pay for
a mobile device if they really decide to change operators. Calvo-Porral et al. (2017),
studying the switching intention of mobile service customers, tested whether sector
knowledge had a positive influence on churn. Customers with prior knowledge of
available alternatives and options substantially reduce barriers to change, increasing
the likelihood of switching to other operators. However, the results did not demon-
strate a significant influence of this variable on change intentions. Calvo-Porral et al.
(2017) say that this result could be explained by the very nature of mobile services,
easily available today. Another reason given is the fact that having more information
available, or knowing better the competing alternatives, does not lead, in fact, to bet-
ter services or offers. Lunn and Lyons (2018) studied the impact of expected savings
on intentions to change. As might be expected, they found that households that did
not expect savings from the move were less likely to move. However, there is no clear
relationship between the level of expected savings and the strength of intentions to
change.

Finally, Table 10 shows a set of studies that used switching costs and barriers to
switching as explanatory variables for churn and switching intentions. As we can see,
most studies validate the significant effect of this construct on change intentions and
churn.

3.4 Tariff characteristics

This section summarizes the variables related to the characteristics of the tariff,
unpaid amounts, overdue bills, payment method, type of tariff, discounts, and others.
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Table 10 Studies with switching costs as an independent variable to explain switching intention or churn

Author Dependent  Telco Type Data Statistical ~ Sample Direct Indirect
Variable collection  analysis Effect Effect
techniques technique
(Dey Switching ~ Mobile Survey SEM 861 NO OK
etal. Intention
2020)
(Quo-  Switching  Mobile Survey PLS-SEM 535 OK
quab Intention
et al.
2018)
(Ma- Churn Mobile Secondary Alternative
hajan Data attractive-
etal. ness has
2017) support.
Sector
knowledge
did not
pass the
test
(Calvo- Switching  Mobile Survey SEM 370 (268 Alternative
Porral  Intention lock-in attractive-
et al. contracts; 102 ness has
2017) free-contracts)  support.
(Kumar Switching  Mobile Survey Chi-Square 600 OK
etal. Intention Test &
2018) Cross Table
Analysis
(Man-  Switching ~ Mobile Survey PLS-SEM 442 OK Indirect
nan Intention effect
et al. through
2017) satis-
faction
(Becker Churn Fixed Line Survey and Chi-Square 1342 OK
et al. broadband Secondary Test
2015) Data
(Mar-  Switching  Mobile Survey SEM 202 Brazil; 200  NO OK
tins Intention (Multi- Germany
et al. group)
2013)
(Svend- Churn Mobile Longitudi- Logistic 1499 (wave 1); OK
sen and nal Survey Regression 976 (wave 2)
Pre-
bensen
2013)
(Yin Switching ~ Mobile Survey SEM 228 NO OK
etal. Intention
2013)
(Seo Churn Mobile Secondary Logistic 30,572 OK
et al. Data Regression
2008) Model &
Two-Level
Hierarchi-
cal Linear
Model
(HLM)
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Looking at customer payment behavior, Maicas et al. (2009) investigated whether
customer bill payment has a significant effect on switching intentions. The results
showed that the effect was not statistically significant. Ahn et al. (2006) investigated
whether the unpaid amount has an effect on churning and found no significant effect.
The same result was obtained for the number of unpaid monthly bills, and no effect
on churn was found.

Regarding monthly bill amounts, which is considered one of the most popular
behavioral predictors of churn (Su et al. 2012), a statistically significant positive
effect on churn was observed in all studies where this variable was identified (Ahn et
al. 2006; Gerpott and Meinert 2018; Keramati and Ardabili 2011; Madden, Savage
and Coble-Neal 1999; Su et al. 2012), i.e., the higher the monthly expenditure, the
higher the probability of churn. Su et al. (2012) examined not only the total value of
monthly billing but also the monthly value of data services separately for the churn of
VIP customers (high-value customers) and found no significant relationship between
monthly billing and the probability of churn. In terms of payment type, pre-payment
and post-payment, the results showed that post-payment had a significant, positive
impact on churn probability. Also regarding payment types, Ahn et al. (2006) inves-
tigated whether there was an impact on churn depending on the payment being made
by direct debit or not. No significant effect on churn was found.

Regarding prepaid or post-paid mobile contracts, Maicas et al. (2009) found that
customers with post-paid plans were more likely to churn than customers with pre-
paid plans. In terms of tariff type, Iyengar et al. (2011) examined the impact of pay-
per-use (PPU?) and two-part tariffs (TPT*) on the likelihood of churn and concluded
that pricing structure does not have a direct impact on customer churn. What happens
is that subscribers of TPT tariffs get less benefit from using the service compared to
PPU tariffs, resulting in lower customer retention and usage.

Studying churn in mobile services, Wong (2011) investigated how tariff adequacy
affects customer churn. The results showed that customers who used tariffs that were
not optimized or appropriate for their consumption profile and therefore paid more
were 1.150 times more likely to churn than customers with optimized tariffs. A sim-
ilar result was observed by Jin (2022) when he verified that the switch intention
to another operator significantly increases with the amount of monthly tariff over-
spending. Differently, Gerpott and Meinert (2018) investigated the extent to which
discounted tariffs affect churn on mobile services. They found that customers with
discounted tariffs had a 56% lower propensity to cancel their contract than those
who paid regular tariffs. They also concluded that subscribers on newer plans were
less likely to cancel their contract than those on older plans. Furthermore, mobile
operators regularly communicate the benefits of their latest tariffs so that subscribers
to these tariffs can remember the arguments that led them to choose them. As such,
customers with older tariffs are no longer sure or convinced that they have a tariff
that meets their needs, which could justify the result described above. On the topic
of different tariffs, Ahn et al. (2006) analyzed the impact of different tariffs on churn
for mobile services. They tested four different tariffs: (1) tariffs only for members

3 There is no contract, no fixed monthly fee, and payment is based on usage.

4 Subscribers pay a monthly access fee and a marginal price per use.
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of the brand’s loyalty program with special rates; (2) tariffs with optional calls, with
discounts for a certain predefined area; (3) tariffs for teenagers or young adults with
a lower monthly fee and longer usage time; and (4) regular tariffs. It was found that
subscribers with tariffs with optional calls were less likely to switch. Subscribers to
tariffs for teenagers or young adults were more likely to churn. The age factor cer-
tainly has an influence here, as younger people and those with higher service usage
are more likely to switch mobile operators.

With regard to ‘unlimited’ tariffs with voice minutes and/or SMS and/or mobile
data tariffs, Gerpott and Meinert (2018) found that subscribers who switched from
regular tariffs to tariffs with unlimited voice and/or SMS minutes were significantly
less likely to churn, at 34% and 75% respectively. There was no significant effect
when switching to plans with unlimited mobile data. One possible explanation put
forward by the authors is that the incremental increase in mobile data volume in the
new tariff does not adjust to the subscribers’ data consumption needs.

Finally, we have limited ourselves to analyzing the variables used to answer the
main research question “What are the determinants of churn in bundled telecom-
munications services?” First, it is important to contextualize the telecommunications
market in a bundle. A telecommunications company offers bundled services when it
sells two or more different products in a bundle for a single price (Prince and Green-
stein 2014). We can define bundled offers® as commercial offers for two or more of
the following services: (1) Fixed Internet; (2) Fixed Telephone; (3) Mobile Services
(including voice and/or Internet); and (4) television.

The relevance of studying markets for bundled services as opposed to pure ser-
vices stems from the fact that bundled services have become the predominant way of
using telecommunications services (de Matos et al. 2018). According to the report of
the Directorate General of Content and Technology of the European Commission, the
penetration of bundled service offerings is gaining momentum in several countries,
with Malta, France, Portugal, the Netherlands and Greece showing higher rates of up
to 80% in 2017. If we consider rates above 70%, we have 11 countries, and above
50% we have 18 countries. This shows the importance of bundled services in differ-
ent countries.

Service bundles can be an important solution for telecommunication operators to
minimize churn because service bundles would increase switching costs for consum-
ers (Uner et al. 2015). For example, if a person who has a bundle of mobile, televi-
sion, fixed Internet, and landline wants to switch service providers, they must switch
all four services rather than just one. This process can be very complicated, resulting
in individuals not switching service providers.

The six studies that looked at bundled services or the combination of fixed and
mobile services found that they had an impact on both switching intentions and churn
(Garcia-Marinoso and Suarez 2019; Gao, de Haan, Melero-Polo, and Sese 2022;
Grzybowski, Liang and Zulehner 2021; Lee 2017; Lunn and Lyons 2018; Prince and
Greenstein 2014). The results are presented in detail in Table 11.

5 Service packages are defined based on the report of the Body of European Regulators for Electronic
Communications: https://berec.europa.eu/eng/document_register/subject_matter/berec/reports/5047-
berec-document-on-indicators-on-bundles.
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3.5 Customer-related variables

Several customer-related variables are also highlighted in the literature as determi-
nants of customer churn. Customer seniority (also known as tenure) is the most prev-
alent variable in this theme. Keramati and Ardabili (2011) postulated that customer
seniority was negatively related to the likelihood of churn, but the results showed no
significant relationship between the variables. In contrast, Seo et al. (2008), Su et al.
(2012), Gao et al. (2022) and (Jin 2022) found that the greater the customer’s senior-
ity, the lower the probability of churn in mobile services.

Lunn and Lyons (2018), examining past churn behavior in relation to customer
seniority, concluded that landline customers who have never switched operators and
have more than three years of service have a significantly lower intention to switch
than customers who have switched in the past and have been with the current opera-
tor for a relatively short period of time. With respect to mobile customers, the authors
found that the longer customers’ tenure the less likely they are to switch, but that
past switching experience appears to be less important. Garcia-Marifioso and Suarez
(2019) also examined the impact of prior switching and concluded that it has a posi-
tive impact on switching intentions. Customers who had switched providers in the
previous year were twice as likely to switch providers in the following year compared
to customers who had not previously switched. Apparently, there are different types
of consumers: those who are more active and more likely to switch, and those who
are more passive. Su et al. (2012) confirm this idea, concluding that participants who
have switched providers in the past are more likely to switch again. Gerpoot and
Meinert (2018) did not examine past switching behavior, but rather those customers
who had already tried to cancel their provider but were convinced to give up. The
authors concluded that these customers had a 35% higher switching probability than
those who had never tried to cancel their provider.

The question of different types of consumers also leads us to the study by Quoquab
et al. (2018), who investigated switching intentions for mobile services. They con-
cluded that customer innovation, i.e., the user’s intrinsic motivation, the personality
trait of making more active exploration and having higher expectations, has a sig-
nificant impact on switching intentions. The more innovative customers had higher
switching intentions. In this connection, Maicas et al. (2009) concluded that more
“savvy” consumers (i.e., those with extensive knowledge of the service offered by
the operator and its features) are more likely to switch operators. Eshghi et al. (2007)
investigated the extent to which the ‘wireless orientation’ construct, a latent vari-
able characterized by the two manifest variables of ‘Propensity to add Cell Phones’
and ‘Propensity to replace Fixed with Wireless’, influences mobile service switching
intentions. Interestingly, the results showed a positive and relatively strong relation-
ship between customers’ greater wireless orientation and their propensity to switch
providers.

Ahn et al. (2006) concluded that customer status (active, inactive, and suspended
for non-payment) had a significant impact on churn, with a change from active to
inactive or suspended status increasing the probability of switching by 14.7 and 4.5
times, respectively. Moreover, Keramati and Ardabili (2011) concluded that cus-
tomer status (active or inactive) mediates the relationship between churn and the

@ Springer



H. Ribeiro et al.

1348

*SYI0M)QU J[IqOWT PUE PIXT

10q Ul UOTU)QI JOWNSUOD uo joedwl 9je  SI10qLIOSqNS
-IOPOW B JABY SIOTAIIS W03} A[dn Al - S9OIAIOS
041°€] 01 G'T] WOIJ 9SBAIOUT P[NOM SIO a[iqout
-WINSUO0d JJIAISS A[IGOW JO UINYD dY) ‘U0l /88681 V[
-Ippe U] "%7’6 O} '8 WOIJ 9SEAIOUT p[nom ‘s10
WINYO [ENUUER 112} ‘SIJIAIOS 9[IqOW d[pung  -qLIOSqNS (soo1A10s
10U PIP SOITAIOS PIXT YIIM SISWOISND JT - SOJIAIOS o[3urs (1202
cuInyo o) A[oYI[ SS9]  pueqpeoiq pey os[e) Te1
dIe 19p1A0Id SWES 9y} WOIJ SIJIAIS J[IGOW paxy UOoISSAIZoY Bjep S9IIAIOS smoq
pue paxy pI[pung yim sownsuo) - - $99°//6‘6 1807 AIepuodog aaneuen) adomng reondwyg J[pung wny) -4Az1n)
*20uoLIad X0 JoW0ISND JAN
-09]J® JO [9AJ] 3} JO SSI[PIe3aI WY [BO0]
oY) (PIM UTRWAI 0) PUL) ULIOJ A[pUNq © Ul uoIssaI3ay S[IqQOIN (ze0T
S9OIAIOS PUBQPEOIQ PUE J[IqOwW parinboe  s1owosnd 31307 Terw Bjep ‘pueqpeoiq ‘e 19
QAR OYM SISWO)SND JeT) MOYS SINSAI Y - 19L€1 -ounnjy  AIepuodeg aAnEIuERnd) odomyg [eondwyg  oury paxig uny)  oen)
onbruyoe)  senbruyody g
sIsA[eue  UOI}O9[[0D yoeoxdde J[qeLIRA mo
s3urpur ordwreg [eonsnels eIR(q [BI130]0POYIRIN Anuno)  odKy oponry  odAl 0d19],  juopuadeg Joyiny nml
QINJBINNI[ AU} UI SIOIAIDS d[pung Jnoqe s3urpur || djqel &l



1349

Determinants of churn in telecommunication services: a systematic...

“Suryo)IMS U0 1099 oANIsod € dAEY

0S[e JULqUINOUI ) ULy} 19y)0 Jojerodo
UB (IIM 10BNUOD B SUIARY pUR 938Sn B1ep
d[Iqowr dAISUUI ‘s10p1aoid Furyoums -
‘saur| apiqow d[dnnw papnjour

93exord JuaS10AU0d ) UAYM A[[E102dSsd
UOTIUR)IT JOUIOISNO PASBAIIUI SIIIAIOS
QUI[-PAXY YIIM SOITAIIS d[Iqow Surjpung -
Suryoyms jo Kipiqeqord

oY) SUIARY TOMO] UAD SBM ‘SIUI] J[IqOW
ordnnur y3m o[punq © 10J SPPO ) [IYM

‘1o11enb e 1noqe £q poonpar a1om Juryoyms 6102
JO SpPO oY} ‘SouI] 9[IqOW [EUOHIPPE OpNjoul zoIgng
jou PIp 9[punq JUITIOAUOD Y} USYA - pue
(3uIyoIMS UO 3099 9A1E3IU B PEY SIOIAIIS osou
ouI| POXIY YIIM SS90 d[Iqowr Surpung - -LIRIN
‘s101e10d0 YOMS 0} 1B Aoy AJoYI] 210U uoIssaI3oy  AoAIng [eu uonuou| 810
Q) ‘aIe SIQWNSUOD PAYSHESSIP I0W Y, - 011+ onsido]  -ipmiSuo] dAneuend) uredg [eondwyg [IqQON Suryoymg -Ien))
onbruyoe)  senbruyody

sIsA[eue  UOI}O9[[0D yoeoxdde J[qeLIRA

s3urpur ordwreg [eonsnels BIR( [BI130]0POYIRIN Anuno)  odAyoponry  odAp od19],  juopuadeg Ioyiny

(ponunuod) | 3jqey

pringer

As



H. Ribeiro et al.

1350

"SOOIAIOS QUIOS 10} Iojjew asn duoyd

-JIews pue snje)s juswkoduws ‘Quoouy -
yo3ms 01 ATy

2I0W 2I9M UDIP[IYD YIIM SP[OYISNOY -
‘SIoUINSU0d

123unoX 10y 9yisoddo oy st uroped oy,
"S9OIAIDS J[IQOW 10U JNq ‘SAVIAIS duoyd
-919) PUB JOUIIUT [O)IMS 0) A[OYI[ 210U T8
GG I2A0 SIAWO)SNY) “ITAIDS YOIMS 0) AJNI]
SS9 218 JWOY WoK SIom oym 31dod( -
‘10je19dO SUIyI)IMS

Jo Bop1 9y} 01 Uado JRYMIUIOS JSBI[ JE dIe
OyM SIWO0)SNO FUOWE SUOLIUAUI FUIYIIIMS
MO] 1M PIIRIDOSSE 9q 0) Jeadde sao1aIes
pa[pung "paXIu ST SUONUAUI JUTYIIIMS

uo 3urpungq jo joedwr 9y} UO JOUIPIAT -
‘s3uraes 0,07

JA0Qe sanjeA 10§ A[[e1oadss ‘Yojims 03 uorn
-udyur 0} paje[ar Ajoanisod st SUIYANIMS -
(3uIyonms spiemoj} surued] Apealfe

QI SIOWO0)SNO UdYM SUOTIUIIUT SUIYOIMS Kuoydoray,
01 paje[al A[9SO[0 oIk SI0LId Sul[[ig - S[OPOIN aurpue] (8102
‘Furyoyms SuLIdPISUOD 0} Jue) 31807 paIpIO QIIQOIN SUOA
-SISAI A[LIRUIPIOBIIXQ QJ€ SIOLLIED POUONMS 29 UOISSaIZoY ‘pueqpeoiq uonuaIu[ pue
IOAQU QABY OYM SIdQLIOSQNS dwn-3uo] - 6€01 onsigo] Koaing dAneuend) puejaig [eondwyg  oury paxig Surgoymg  uung)

onbruyoe)  senbruyody
sIsA[eue  UOI}O9[[0D yoeoxdde J[qeLIRA

s3urpur ordwreg [eonsnels BIR( [BI130]0POYIRIN Anuno)  odAyoponry  odAp od19],  juopuadeg Ioyiny

(ponunuod) | 3jqey

pringer

Qs



1351

Determinants of churn in telecommunication services: a systematic...

's10p1A01d 9014108

[INIMS 0} A[OYI] S$SI] 910JoI3Y) 1B PUE SISO
SUIY0)IMS 9SBAIOUT SI[PUNQ DIAIIS Jel)
90uopIAd [edLndwa ap1aoid synsar oy, -
{SQITAIIS JJIY) 10 OM]

M S[pUNQq 91AIdS 0} paredwiod 1apiaoid
9OIAISS IQYJOUR 0 YO}IMS 0} JNOLYIP 0L
J1 9wl ABUWI SOOTAIIS DIOW IO INOJ (M
S9[puNq 9JIAISS JBY) MOYS S)NSAI Y], -
£3uIyoums uo 309y9 JuedyIugis

A[[eO1ISIJBIS OU 9ARY SNJB)S [BILIEW puk oFe
‘10puad se yons sojqenrea oydeidow( -

¢s10p1A0Id 9J1AI0S [OIIMS 0) A[NI] SSI] (soo1A10s
QI SIOQUUSTU JIOW 10 0M] M SIT[TUIR] - J[3urs
O01AIOS YONMS 0} A[aY1] pey os[e)

SS9 9,57 2I9M SIOIAISS pajpunq A[snoradrd UoISSaIZoY SQIIAIOS uonuow]  (L10T

PBY OUYM SISQLIOSQNS 9OIAIDS JOUINU] - 0001 onsigo] Koaing dAneuend) BII0Y [eondwyg oipung  Sumyoums 20)

onbruyoe)  senbruyody
sIsA[eue  UOI}O9[[0D yoeoxdde J[qeLIRA
s3urpur ordwreg [eonsnels BIR( [BI130]0POYIRIN Anuno)  odAyoponry  odAp od19],  juopuadeg Ioyiny

(ponunuod) | 3jqey

pringer

As



H. Ribeiro et al.

1352

"osodul S9D1AISS JO Sa[punq ety

$1S00 FUIYIIIMS UT ASBAIOUI UB 9ZIUS0I1
sarIwe] uoym soud Anus mo[ A[joAne[l je
Sa[punq I1ay) JaxIew 0} paou saruedwo)) -
{S901AI0S 9FUBYOXd

01 Ayisuadoid oy Surpnjour ‘suorsuswIp
JUBAQ[QI IY)O UI SIOIABYD( JUAIIYIP JAEY
Aol SOOTAIOS JO SA[PUNQ [IIM SAAIUR] -
{WINYO PUBQPLROIQ UO 1099

93exoed 1o[jews € SurAjdur ‘uoISIAd[} (6002)

10} Juswde[dal © Se JaUIUI PUBqPLROIq $61°9¢ (sa01A108 10z
995 0] WIS SIIIUIR] AIOW PUB JIOIA] - {(8007) o3urs ura)s
9[punq 809°LY [oued pey os[e) -U9910)
Kerd-o1din & dn oxew Jey) SOOIAISS 9911} (L007) Annqeqoid res SADIAIIS pue
) J10J UINYD JONPAI SIOIAISS pa[pung - L¥86y  -ul] orweuA(q Koaing JAneuend) SN [eotndwyg o[pung wny) 2ouLy)

onbruyosy  sonbruyo) g

sisA[eue  UOII9[[0O yoeoidde J[qeLIBA mo

sSurpur ordwreg [eonsnels 'R [BIISO[OPOYIA Anuno)  adKyoponay  odAy 0d19],  juopuddog toyiny nml

(ponunuod) | 3jqey Sl



Determinants of churn in telecommunication services: a systematic... 1353

cause of churn, suggesting that a change in customer status is an early sign of switch-
ing behavior.

Maicas et al. (2009) found a positive relationship between the purchase of addi-
tional services from the mobile operator and the likelihood of switching providers
when investigating switching intentions for mobile services. They concluded that
customers who purchase additional products/services tend to be less loyal.

In terms of the mobile devices themselves, Ahn et al. (2006) found that customers
with devices that have access to the Internet were less likely to switch. Regarding the
generation of the mobile network, Jin (2022) observed that users with the fourth gen-
eration of mobile internet (4G) were less likely to switch operators when compared
to 2G or 3G users. In terms of device brand, no significant relationship was found
with churn likelihood. Becker et al. (2020) found that customers who had purchased
a mobile device when signing a mobile contract were more likely to intend to switch
to another operator. According to the authors, this result was to be expected, as the
purchase of hardware entails possible causes of churn.

Other variables related to customer attitudes were also identified. Customer loy-
alty, loyalty commitment, continuity commitment and word of mouth. Reviewing
the factors influencing churn in the telecom sector, Mahajan et al. (2017) identified
customer loyalty as one of the explanatory variables of churn. They conclude that
loyalty is the result of a positive service experience, which in turn gives customers
confidence in their service provider, encouraging them to use services more consis-
tently and preventing them from transferring their loyalty to competitors. The likeli-
hood of a loyal customer switching providers is low, resulting in a low churn rate.
The authors state that there is an inverse relationship between loyalty and switching.

Sweeney and Swait (2008), in their study of switching intentions in landline tele-
communications, examined the effects of loyalty commitment (LC) and continuity
commitment (CC) on switching intentions. Loyalty commitment resembles affective
commitment and reflects a psychological attachment to the relationship partner. In
contrast, continuity commitment reflects an evaluation of the costs associated with
switching and an associated recognition of the need to maintain the relationship in
the face of the perceived costs of switching or the lack of viable alternatives. The
results show that LC and CC have a significant impact on switching intentions. The
greater the commitment to loyalty and the commitment to continuity, the lower the
switching intentions.

One of the most widely held assumptions in this field is that word of mouth plays
an important role in shaping consumer attitudes and behavior (Brown and Reingen
1987). Yin et al. (2013), studying a sample of 228 mobile phone customers in China,
tested WOM as a predictor of switching intentions in their model but found no sup-
port for this hypothesis.

3.6 Service usage
In the “service usage” theme, we grouped the variables directly related to this aspect.

The minutes used per month, number of calls, monthly use of mobile internet, type of
use, use of value-added services and others.
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Keramati and Ardabili (2011) and Gerpott and Meinert (2018) found that mobile
voice usage (number of monthly minutes, number of calls) is negatively associated
with churn. More specifically, a 10% increase in mobile voice usage is associated with
a 38% decrease in the likelihood of churn (Gerpott and Meinert 2018). Regarding the
number of distinct calls, that is, the number of different individuals the subscriber
contacts, no empirical evidence was found of a significant effect on churn (Gerpott
and Meinert 2018). However, when studying mobile churn among VIP customers,
Su et al. (2012) found a significant effect on churn. When the number of unique calls
increased, customers tended to stay with their current provider.

In contrast, different results were observed with respect to SMS, but the time
lag between studies and the development of new technologies might contribute to
the understanding. Keramati and Ardabili (2011) found empirical support that the
frequency of SMS sending has a significant impact on churn. The higher the fre-
quency of sending, the lower the probability of churn. In contrast, Gerpott and Mein-
ert (2018) found no statistically significant effect between changing SMS usage and
churn. The authors suggested this result could be explained by the decreasing use of
SMS, as other types of applications are used for messaging (e.g. WhatsApp, Face-
book Messenger, Instagram and others). Yin et al. (2013) studied switching intentions
in a sample of 228 mobile subscribers and found that usage habits did not correlate
with switching intentions. Mahajan et al. (2017), in their review of the determinants
of customer churn in telecommunication companies, also identified usage patterns
(minutes of usage, SMS) as a factor influencing churn. Su et al. (2012) found that
monthly data usage for Internet access has a significant impact on churn, using a
sample of 23,124 mobile customers. Users with higher monthly data usage for inter-
net access were less likely to churn. Gerpott and Meinert (2018) and (Jin 2022) con-
firmed this result.

Madden et al. (1999) observed a significant effect between the type of primary
Internet service use and churn when examining churn for fixed Internet services. The
authors concluded that individuals who use the Internet primarily for work are more
likely to churn. Garcia-Marifioso and Suarez (2019) used the frequency of video
views on smartphone as a proxy for data-intensive use in their longitudinal study of
mobile service switching intentions. The results showed that this variable had a posi-
tive impact on switching intentions.

Also related to service usage, Wong (2011) examined the impact of value-added
service usage on churn. With a sample of 11,525 mobile subscribers, the author found
that the effect of this variable on churn was statistically significant but practically
irrelevant.

3.7 Market environment

Here, the variables related to the market environment and company characteristics
are included. Variables such as competitors’ marketing communications, advertis-
ing campaigns, the attractiveness of competing alternatives, and brand image are
addressed next.

Calvo-Porral et al. (2017) found that the attractiveness of market alternatives (cus-
tomers’ perceptions of the extent to which viable competing alternatives are available
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in the market) has a significant impact on churn when investigating switching inten-
tions for mobile services in Spain. The authors examined the switching intentions of
customers on contract and those not on contract (free contracts), and in both cases,
perceptions of competing alternatives had a positive effect on churn, although it was
more pronounced for free contracts. When customers feel that competing firms offer
better services that are worth more than their current benefits, their intention to switch
increases (Keaveney 1995; Yin et al. 2013) reached a similar conclusion when exam-
ining switching intentions for mobile services in China. In contrast, Mannan et al.
(2017) came to the opposite conclusion when they examined switching intentions for
mobile services in Bangladesh, finding that the direct effect of alternatives’ perceived
attractiveness on churn was not significant. One possible explanation given by the
authors for this result is that customers either do not find other providers’ services
attractive enough or they perceive all providers to be similar. Patro (2020), analyz-
ing switching intentions for mobile services, found that the affordability dimension
(characterized by the variety of services offered by competitors, the availability of
better tariffs, the availability of 4G services, the convenience of access and the ease
of use of competing services) did not have a significant effect on churn.

Becker et al. (2015) studied churn in fixed internet services, analyzing competi-
tor advertising expenditure (TV, radio, press, online, direct marketing, billboards)
to capture customer exposure to competitors’ advertising, and concluded this has a
significant impact on churn. Miranda-Gumucio et al. (2013) identified advertising
campaigns as one of the most influential aspects in the switching decision in their
study of switching intentions for prepaid mobile services. Customers will stop using
services if there is a lack of innovative promotions, if they have had negative experi-
ences with rewards and promotions, or if the operator discontinues existing programs
and/or promotions.

Svendsen and Prebensen (2013) investigated the influence of brand image on
mobile customer churn in Norway under the variable “Company Attributes”. The
results showed this had a significant effect on churn, suggesting that a strong brand
image makes companies less vulnerable to change caused by low satisfaction. More-
over, in their literature review, Mahajan et al. (2017) identified brand image as one of
the determinants of customer churn in telecommunications.

Studying switching intentions in mobile services, Patro (2020) concluded that the
technological dimension, characterized by a lack of plan updates, roaming issues,
voice quality issues, poor internet access, network coverage issues, and new tech-
nologies introduced by other service providers, did not have a significant impact on
switching intentions.

4 Conclusion

This study provides an overview of the state of the art regarding the determinants of
customer churn and switching intentions in the telecommunication sector. It consid-
ered the contributions of 37 articles published between 1999 and 2022 and organized
the determinants identified into seven themes, which were discussed in detail in the
previous sections. Literature reviews can not only map current knowledge on a topic,
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building on the articulation of the scattered literature, but also, and perhaps more
importantly, point out research gaps and opportunities for future work. These are
analyzed in detail below.

4.1 Research gaps and avenues for future research

This section identifies the main gaps found in the literature, providing a list of
research questions that can be explored in the future.

One main gap found in the literature is the lack of holistic views on customer
churn and switching intentions in the telecommunication sector. Indeed, this study
revealed two streams of research, which despite their clear complementarities and
overlaps, tend to evolve independently from each other. While some studies focus
on the determinants of subscribers’ switching intentions, considering factors such
as satisfaction and attitudes (e.g., Banda and Tembo 2017; Calvo-Porral et al. 2017,
Kim and Yoon 2004; Mannan et al. 2017; Svendsen and Prebensen 2013), others
consider subscribers’ actual change behavior and explain it by considering behaviors
and characteristics drawn from internal customer management systems (e.g., Ahn
et al. 2006; Gerpott and Meinert 2018; Jin 2022; Keramati and Ardabili 2011; Seo
et al. 2008). These studies provide rich evidence on the determinants of churn and
switching intentions, but clearly none offers an overall view of what explains churn
behavior and intentions. By categorizing the determinants of churn, this article can
be a starting point for holistic approaches to the phenomenon. The fact that several
determinants were tested by only one or a few studies also demands further valida-
tion, preferably enabling the comparison of the relative importance of a relevant bat-
tery of independent variables.

Another evident gap in the literature refers to the type of telecommunication ser-
vices studied so far. Although bundled services are the most widely used type of
telecommunications services today, most research focuses on mobile telecommuni-
cation services and very few studies (e.g., Carrizo-Moreira et al. 2017; Prince and
Greenstein 2014) have analyzed churn and its antecedents in the telecommunications
multiservice sector. Arguably, bundled service customers have different expectations
and needs from a mobile service customer, which affect their decision process — both
in acquiring a service and in deciding to terminate it. Hence, future studies should
further analyze consumer behavior regarding bundled telecommunication services,
particularly in the determinants of churn behavior and intention.

Another gap found in the literature refers to the theories and models guiding
research so far, which are commonly associated with service quality (e.g., satisfac-
tion, number of complaints, customer care) and with switching costs. Still, other
consumer behavior theories and models could be considered to understand the topic
better, such as interpersonal influence theories, personality traits, human values and
cultural differences, to name but a few. Other theories must also be applied to study
of the phenomenon. Economic and business theories must be used to explain the
phenomenon from another point of view. It should also be noted that the adoption of
strong theoretical underpinnings could help solve contradictory results, for instance,
regarding the role of socio-demographic variables on switching intentions and churn
behavior. As noted above, socio-demographics comprise the most popular theme of
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churn determinants explored by the literature, and significant impacts of custom-
ers’ characteristics (e.g., gender) on switching intentions and churn are commonly
reported. However, use of this type of determinant seems empirical-driven, as strong
theoretical support for, for instance, expected gender differences regarding the mat-
ters discussed are usually missing. Additionally, although switching intention is a
particularly relevant indicator for managers and their customer retention efforts,
apparently the expected gap between intentions and behavior needs to be further
explored in future research. Again, the use of consumer behavior theories and models
can make interesting contributions to the literature.

The fact that most studies analyzed in this review adopted quantitative approaches
(e.g., logistical regression and structural equation modelling) was expected, given the
focus on the determinants of a behavior. Still, one could point out a methodological
gap in the extant literature, considering that other methodological approaches such as
interviews, focus groups or experimental design could help unveil important aspects
of this phenomenon and provide opportunities to validate results and understand con-
troversial findings. Additionally, longitudinal studies would be interesting to under-
stand switching decisions over time.

Table 12 summarizes the gaps found in the literature and provides suggestions of
research questions that can be addressed in the future.

4.2 Implications for managers

This study identifies numerous variables that should be under the watchful eye of
management. The results show there are multiple factors, and their complex rela-
tionships, that influence customer churn. Looking at the main variables identified, it
could be argued that service quality per se does not have a direct impact on customer
churn, but rather an indirect effect through satisfaction.

In terms of socio-demographic variables, particularly age and gender, as we saw
earlier, there is no prevalence of conclusions in the same direction. The conclusions
are varied, with a slight prevalence of cases where the variables had a significant
impact on switching intentions or churn itself. Thus, we recommend that manage-
ment should analyze its churn rates according to these variables.

Looking at switching costs and barriers, we conclude that most studies agree these
factors are important in restricting consumers from changing operators. Therefore,
mechanisms such as loyalty contracts and loyalty programs should be developed
with associated bonuses/points, more complex service plans, among others. This
would mean increased transaction costs, learning costs and artificial or contractual
switching costs, thus reducing the propensity to change. One of the most important
variables is loyalty contracts, which is why we recommend developing proactive
actions before the customer ends their loyalty contract, proposing its renewal, with
associated benefits. It is also interesting to note that the impact of loyalty contracts
(administrative lock-in) is not the same according to the customer’s experience.
When customer experience is poor, lock-in helps firms to reduce customer churn
significantly. When customer experience reaches an acceptable level, this difference
turns out to be insignificant. Management must also look carefully at its customers’
profile in terms of service use, but also in behavioral terms. Customers using more
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Table 12 Literature gaps and
suggested research questions

@ Springer

GAP

Proposed research questions

Lack of holistic
views on churn
and switching
intention

Lack of studies on
bundle telecom-
munication
services

Lack of diversity
in theories and
models

Lack of di-
versity in the
methodological
approaches

— What is the relationship between the cus-
tomer journey, switching intention and churn?
— How does customer experience affect
switching intention and churn?

— What are the moderator factors that affect
the impact of switching intention on churn?

— What are the effective strategies to retain
dissatisfied subscribers?

— What are the reasons that lead a customer
with a high switching intention, not to change
operator?

— What are the determinants of switching
intention and churn in a bundle telecommuni-
cations service?

— What is the impact of time to end loyalty
contract on churn?

— How do bundle service combinations affect
churn?

— What is the impact of loyalty contracts on
switching intention and churn in bundle tele-
communications services?

— Do profile variables such as tenure, usage
type, bundle value, payment method, or com-
plaints impact switching intention and churn
on bundle services?

— How does culture affect switching intentions
and churn behaviors?

— How does the importance of certain churn
determinants vary across cultures?

— What are the expected impacts of personality
traits and human values on switching inten-
tions and churn behaviors?

— How does Theory of Planned Behavior
explain operator switching?

— How does consumer familiarity with tech-
nology affect switching intention and churn?

— What is the power of NPS to predict churn?
— Can economic and business theories comple-
ment theories of consumer behavior to explain
churn?

— What is the role of generational differences
in change behaviors?

— How do switching intentions vary over time?
— Do customers who subscribe to the service
based on positive recommendations have dif-
ferent churn behavior over time?

— How is churn decision processed?

— What characterizes the customer journey of
a service switcher?

— What is the role of interpersonal influence
(e.g., digital influencers, electronic word of
mouth communication) in switching intentions
and churn?
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services (more minutes, SMSs, mobile data, number of calls, among others) tend to
be less likely to churn. However, it is necessary to keep in mind that, consumer over-
spending positively impacts churn, so, operators have to make a trade-off between
profiting from consumer overspending and reducing customer churn.

In behavioral terms, it is interesting, for example, to see if customers have already
been customers in the past, having left and re-entered, if they have already expressed
an intention to change operator in the past, as these variables have an impact on
swapping service provider. For example, customers can be segmented according to
these criteria, and there are specific actions for each customer segment. Within the
customer profile, tenure is also a major factor in the change, as customers with more
seniority are less likely to leave.

Concerning the characteristics of the tariff, we also recommend that management
should look carefully at the different profiles. Regarding mobile services, the differ-
ence between prepaid plans and post-paid plans must be considered, as the analysis
showed that prepaid plan customers are more likely to change. One possible strategy
is to promote migration from prepaid to post-paid plans. Likewise, customers who
are on tariffs not adjusted to their profile are also more likely to change operator, so
there must be careful analysis by management, to correctly allocate these customers
to a tariff that matches their consumption profile. Minimizing customer expenses can
be seen as a sign of fairness and transparency, forming the basis of a successful long-
term relationship.

Bundled services, as mentioned above, are the most recurrent form of subscrip-
tion to telecommunications services today. The study also indicates that customers
who have bundled services are less likely to change operators, so companies should
actively promote customer migration to bundled services.

Managers must also analyze the competitive environment, competitors’ advertis-
ing messages, their promotional campaigns and the attractiveness of the alternatives
presented. In line with expectations, this study reveals that these determinants have
an impact on churn and switching intentions.

Finally, the significant availability of products and services, combined with highly
competitive arenas in various business sectors as a result of stiff inter-firm rivalry,
has caused a change in customers’ behavior on churning decisions. Management of
customer churn in sectors such as financial services, energy, healthcare, retail, sub-
scription services, among others, can use the integrated framework developed in this
study, to construct a research agenda, develop different retention actions and under-
stand consumer churn behavior.

5 Limitations and future research

Although this research follows the principles of quality and rigor that should guide a
scientific investigation, it is not free from limitations. First, it used only two impor-
tant and renowned databases of scientific articles. Also, only scientific articles were
considered, not including other types of documents (i.e., proceeding papers, working
papers, book reviews, and book chapters). Only articles in English were considered.
Thus, the use of other databases, other types of documents, and articles in other lan-
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Table 13 Limitations and pro- Limitation Proposed future research
posed future research Keywords, Language, Used — Use of other keywords and
database other databases, including

languages other than English

Exclusion of articles focusing on — Make an RSL on this topic
predictive models

guages may enrich future work. Second, this research excludes all articles based on
a predictive churn model, as this was not the objective here. As such, we suggest that
an SLR addressing this topic be carried out in the future. Still, in relation to the litera-
ture review and remembering that switching costs and barriers were the third theme
with the most references identified, we also recommend carrying out an SLR on the
estimation of switching costs. Below, Table 13 summarizes the study limitations and
the proposals for future research.
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